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💬 Qwen3.5 Chat
Qwen3.5-4B (int8) ・ GPU ・ 思考モード ・ 読み込み 144.1s ・ 使用トークン 3976 / 4096

pythonでragとstreamlitを使ったチャットボットのコードを書いて。LLMにはlitert-lmエ

ンジンを使うこと。

keyboard_arrow_down 💭 思考過程

Thinking Process:

1. Analyze the Request:

Role: Kind and capable assistant.

Language: Japanese.

Style: Concise (簡潔).

Task: Write code for a chatbot using Python, RAG (Retrieval-Augmented

Generation), and Streamlit.

LLM Engine: LiteLLM.

2. Determine the Components:

Streamlit: For the UI (chat interface).

RAG: Needs a vector database (e.g., ChromaDB or FAISS) and a retriever. For

simplicity and conciseness, ChromaDB is often the easiest to set up locally.





設定

モデル

Qwen3.5-4B (int8)

バックエンド

CPU GPU

思考モード (thinking)

思考トークン上限 (-1 で無制限)

-1

システムプロンプト

あなたは親切で有能なアシスタントで

す。日本語で簡潔に答えてください。

temperature

0.70

top_p

0.90

2026/10/19 19:23 Qwen3.5 Chat (LiteRT-LM)

localhost:8501 1/11



LLM: LiteLLM wrapper (to abstract different LLMs).

Libraries: streamlit , langchain  (or litellm  + chromadb  + llama-index ),

litellm , chromadb , openai  (or similar client via LiteLLM).

Decision: Using langchain  makes RAG easier to structure, but litellm  + chromadb

+ raw Python might be more lightweight for a concise example. However, standard

RAG patterns usually involve LangChain or LlamaIndex. Let's use langchain  with

litellm  for the LLM call and chromadb  for the vector store, as it's a very common

and robust stack. Or, to keep it extremely simple and concise, I can use litellm

directly for the LLM and chromadb  for storage, and a simple text search.

Refinement: To ensure it works well and is concise, I'll use langchain-community  for

the RAG pipeline or a simplified version. Actually, a pure Python implementation

using langchain  with LiteLLM  is cleaner.

Wait, LiteLLM is a proxy. I need to make sure the user knows they need to set up an

API key or use a local model (like Ollama) through LiteLLM.

Constraint: Concise code.

Plan:

1. Install requirements.

2. Setup RAG (ChromaDB for docs).

3. Setup Streamlit UI.

4. Integrate LiteLLM for the LLM call.

3. Drafting the Code:

Need streamlit , langchain , langchain-community , chromadb , litellm .

Actually, to keep it truly concise and runnable without too many dependencies, I'll

use langchain 's ChatModel  wrapper with litellm .

For RAG, I'll use a simple VectorStoreRetriever  with ChromaDB .
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I need to add a dummy document loader.

4. Refining for Conciseness & Correctness:

Using langchain  adds verbosity. Maybe a simpler approach is better.

Let's use litellm  directly for the completion and chromadb  for retrieval.

Actually, langchain  is the standard for RAG. I will use langchain  but keep the code

tight.

Wait, LiteLLM is the LLM engine.

I will provide a minimal example that sets up a chatbot.

5. Addressing "Concise" (簡潔):

Keep comments minimal.

Combine setup and app.

Use litellm  for the LLM call.

Use chromadb  for vector DB.

Use streamlit  for UI.

6. Safety Check:

No sensitive data in the code.

No harmful instructions.

Ensure LiteLLM configuration is clear (API key needed).

7. Finalizing the Plan:

Install command.

Python script ( app.py ).

Explanation of LiteLLM setup.

8. Writing the Response (in Japanese):
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Greeting.

Requirements list.

Code block.

Brief explanation.

Self-Correction on Code: Using langchain  for RAG + litellm  for LLM is the most

standard way. However, langchain  imports can be heavy. Let's try to keep imports

minimal. Actually, langchain 's LLM  abstraction with litellm  is good. For RAG,

langchain 's VectorStoreRetriever  is standard. I will write a single-file script.

Wait, one detail: LiteLLM needs an API key or a configured endpoint. I'll assume a

standard API key variable.

Revised Plan:

1. pip install  list.

2. app.py  content.

3. Explanation.

Wait, RAG requires text chunking. I'll include a simple function to load a text file or use a

predefined document. To keep it concise, I'll use a dummy text file path or hardcoded

context. Let's use a hardcoded context for simplicity so the user can run it immediately

without needing external files, or use a small JSON. Better: Use langchain 's

TextLoader  with a dummy text file path, but warn the user to put a file there. Or better

yet, use a simple string as context for the demo. Let's use a simple text file approach for

RAG to be realistic.

Wait, LiteLLM: from litellm import completion . Wait, LangChain: from

langchain_community.llms import LiteLLM . This is the easiest way to connect

LangChain + LiteLLM. Wait, ChromaDB: from langchain_chroma import Chroma .
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Okay, ready to write.

Constraint Check: "簡潔に" (Concisely). I should avoid overly long explanations.

Structure:

1. Requirements.

2. Code.

3. Notes on LiteLLM.

Let's check the imports: streamlit , langchain , langchain-community , langchain-

chroma , chromadb , litellm . Wait, langchain-chroma  might not exist in latest

versions. It's usually langchain-community  handles Chroma or chromadb  directly. Let's

use langchain 's Embeddings  and VectorStore  directly. To keep it extremely concise,

I'll use langchain 's LCEL  or just ChatModel . Actually, langchain 's

VectorStoreRetriever  is easiest. Let's simplify:

1. Load docs into Chroma.

2. Create ChatModel via LiteLLM.

3. Streamlit UI.

Wait, LiteLLM + LangChain: from langchain_community.llms import LiteLLM from

langchain_chroma import Chroma  This works.

Wait, LiteLLM version: litellm . Okay.

Wait, LiteLLM needs a model name. I'll use claude-3-5-sonnet  or gpt-4o  as example,

but since LiteLLM supports many, I'll use a placeholder variable.

Wait, one more thing: RAG usually requires Embeddings . langchain 's

OllamaEmbeddings  or HuggingFace  etc. But if using LiteLLM, maybe Ollama  is easier.
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Let's assume the user has an LLM accessible via LiteLLM. For RAG embeddings, I'll use

langchain 's OllamaEmbeddings  (if Ollama is running) or langchain 's HuggingFace . To

keep it "concise" and runnable without complex setup, I'll use langchain 's

OllamaEmbeddings  assuming Ollama is running, OR just openai  via LiteLLM. Actually,

litellm  supports ollama  models too. Let's use langchain 's OllamaEmbeddings  and

Ollama  for simplicity if available, but the prompt says "litert-lm engine". Okay, I will

use langchain 's LiteLLM  for LLM and langchain 's OllamaEmbeddings  (assuming

Ollama) or just a placeholder. Actually, to ensure it works with "LiteLLM" specifically,

I'll use langchain 's LiteLLM  for the LLM and langchain 's OllamaEmbeddings  (which

can be passed to LiteLLM via URL) or just langchain 's HuggingFace . To avoid

complexity, I'll use langchain 's ChatLiteLLM  (not standard). Okay, standard way:

from langchain_community.llms import LiteLLM from langchain_text_splitters

import CharacterTextSplitter from langchain_chroma import Chroma from

langchain_community.embeddings import OllamaEmbeddings  (or similar). Let's use

langchain 's OllamaEmbeddings  but note that it requires Ollama. Wait, the prompt

specifically asks for "litert-lm engine". I will use langchain 's LiteLLM  wrapper for the

LLM. For embeddings, I'll use langchain 's HuggingFace  or Ollama . Let's use Ollama

as it's common with LiteLLM. Okay, I'll write the code.

Wait, one correction: langchain-chroma  is deprecated or unstable in newer versions.

It's better to use chromadb  directly with langchain 's VectorStore . Let's use

langchain 's VectorStore  + Chroma . Okay.

Final Plan:

1. Install requirements.

2. Code with streamlit , langchain , chromadb , litellm .

3. Keep it short.
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Wait, LiteLLM: from litellm import completion . Wait, LangChain: from

langchain_community.llms import LiteLLM . Wait, Chroma: from langchain_chroma

import Chroma . Wait, Embeddings: from langchain_huggingface import

HuggingFaceEmbeddings  (requires HF) or OllamaEmbeddings . Let's use

OllamaEmbeddings  assuming Ollama is running locally (common with LiteLLM). Or, to

be safe, I'll use langchain 's OpenAIEmbeddings  via LiteLLM. Okay, I'll use langchain 's

OllamaEmbeddings  for simplicity in a demo.

Wait, I need to make sure I don't hallucinate imports. langchain-community  handles

LiteLLM . langchain-chroma  handles Chroma . Okay.

Let's draft the response.

Wait, "Concise" (簡潔): I should not write too much text. Just the essentials.

Wait, LiteLLM API Key: I need to tell the user to set LITELLM_API_KEY .

Okay, let's go.

Wait, one more check: Is langchain-chroma  still the way? Yes, from langchain_chroma

import Chroma  is standard for LangChain 0.1+. Okay.

Wait, LiteLLM: from langchain_community.llms import LiteLLM llm =

LiteLLM(model="gpt-4o", api_key="...")

Okay.

Wait, Embeddings: from langchain_huggingface import HuggingFaceEmbeddings  is

heavy. from langchain_ollama import OllamaEmbeddings  is lighter. I'll use

OllamaEmbeddings  and mention Ollama is needed. Or, I can use litellm  directly for

the embedding generation? No, usually separate. Okay, I'll stick to OllamaEmbeddings
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for simplicity, noting the requirement. Actually, to keep it truly "concise" and not

require Ollama, I'll use langchain 's OpenAIEmbeddings  but point out it needs API key.

No, OllamaEmbeddings  is better for local. Okay, I will write the code using langchain  +

litellm  + chromadb  + streamlit .

Wait, I need to make sure the code is actually runnable logic-wise. I'll use a dummy text

file path for the RAG context.

Okay, ready.

Wait, "Concise" constraint: Keep the code block tight. Keep the explanation short.

Wait, LiteLLM: The prompt says "litert-lm engine". I'll use langchain_community 's

LiteLLM .

Wait, "Concise" in Japanese: Keep sentences short. Use bullet points.

Okay, generating response.

ご要望に合わせて、Python、Streamlit、RAG、LiteLLM を使用したチャットボットのコー

ドを作成しました。

1. 必要なライブラリ

2. コード (app.py)

 

pip install streamlit langchain langchain-community langchain-chroma chrom
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import streamlit as st

from langchain_community.llms import LiteLLM

from langchain_chroma import Chroma

from langchain_community.vectorstores import Chroma as ChromaVectorStore

from langchain_text_splitters import CharacterTextSplitter

from langchain_core.runnables import RunnablePassthrough

from langchain_core.prompts import ChatPromptTemplate

from langchain_core.output_parsers import StrOutputParser

from langchain_core.messages import HumanMessage

from litellm import completion # Fallback if needed

# --- 設定 ---

LITELLM_API_KEY = st.secrets.LITELLM_API_KEY or "your_api_key_here" # 設定フ

MODEL_NAME = "gpt-4o"

DOC_PATH = "docs.txt" # 知識源テキストファイル

# --- リソース初期化 ---

@st.cache_resource

def get_rag_chain():

# 1. テキスト分割

    text_splitter = CharacterTextSplitter(chunk_size=500, chunk_overlap=50

    docs = text_splitter.split_documents()

# 2. ベクターデータベース作成 (ChromaDB)

    vector_store = Chroma.from_documents(docs, embedding="huggingface/mist

# 3. リトリバー作成

    retriever = vector_store.as_retriever()

# 4. LLM (LiteLLM)

    llm = LiteLLM(model=MODEL_NAME, api_key=LITELLM_API_KEY)

2026/10/19 19:23 Qwen3.5 Chat (LiteRT-LM)

localhost:8501 9/11



# 5. プロンプトとチェーン構築

    prompt = ChatPromptTemplate.from_messages([

("system", "You are a helpful assistant. Use the following context

("user", "{context}"),

("assistant", "Answer the question based on the context.")

])

    chain = prompt | llm | StrOutputParser()

return chain, retriever

# --- メイン処理 ---

st.title("RAG チャットボット (LiteLLM)")

chain, retriever = get_rag_chain()

user_input = st.chat_input("質問を入力してください")

if user_input:

    response = ""

if user_input == "":

        response = "メッセージを入力してください。"

else:

# 文脈検索

        context = retriever.invoke(user_input)

# 生成

if context:

            response = chain.invoke(user_input)

else:

            response = "文脈が見つかりませんでした。"

st chat message("user") write(user input)
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3. 注意事項

1. API キー: LITELLM_API_KEY  は LiteLLM 用の API キーを設定してください。

2. 知識源: docs.txt  には検索対象のテキストを保存してください。

3. LLM モデル: MODEL_NAME  に利用可能なモデル名（例： gpt-4o , claude-3 , ollama  など）

を指定します。

4. Embeddings: huggingface/mistralai/...  埋め込みモデルが使用されます。

これで動作確認が可能です。

 

        st.chat_message("user").write(user_input)

        st.chat_message("assistant").write(response)

メッセージを入力
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